Journal of Inclusive Methodology and Technology in Learning and Teaching

ISSN 2785-5104
Anno5 n.1(2025)

Ep1zionT UNIVERSITARIE ROMANE
editoria scientifica dal 1952

MR

Artificial Intelligence and Anatomical-Physiological Parameters: Evi-
dence-Based Embodied Approach

Francesca Latino 1, Maria Giovanna Tafuri ! and Francesco Tafuri 2%

Copyright: © 2025 by the authors.
Submitted for possible open access
publication under the terms and
conditions of the Creative Commons
Attribution (cc BY) license
(https://creativecommons.org/licenses/b

y/4.0/).

I Pegaso University; francesca.latino@unipegaso.it; matiagiovanna.tafuri@unipegaso.it
2 Unicusano University; francesco.tafuri@unicusano.it;
* Correspondence: francesca.latino@unipegaso.it

Abstract: Artificial Intelligence (Al) has significantly advanced in recent decades, trans-
forming industries like medicine, education, sports, and research. In exercise science, Al is
revolutionizing athletic petrformance, injury prevention, and personalized training. By ana-
lyzing anatomical and physiological parameters, Al enables highly targeted and scientifically
valid training approaches that enhance performance and athlete well-being. The integration of
real-time data from monitoring devices with Al algorithms allows for individualized training
programs that balance workload, recovery, and performance. This data-driven approach of-
fers predictive models that track changes in body composition, muscle strength, and recovery,
adapting training plans accordingly. From a pedagogical standpoint, Al redefines teaching
methodologies in sports by fostering a dynamic and adaptive learning process. Coaches can
customize training plans and provide real-time feedback, enhancing both performance and
personal growth. Al also helps athletes develop greater body awareness, boosting motivation
and responsibility for their health. Additionally, AI’s role in injury prevention is crucial, as
continuous monitoring can identify early signs of fatigue or overload, allowing for timely
interventions. In conclusion, Al’s integration into spotts science offers profound benefits in
performance optimization, injury prevention, and overall athlete well-being, marking a sig-
nificant shift in how training is approached and personalized.

Keywords: Pedagogical Approach in Sports; Athletic Performance Optimization; Education.

1. Introduction

Artificial intelligence (AI) has made extraordinary progress over the past few
decades, transforming numerous industries including medicine, education, spotts,
and scientific research (Suo et al., 2024). In particular, the use of Al in the field of
exercise science and human physiology has opened up new opportunities to
optimize athletic performance, prevent injuries and personalize training programs.
The integration of Al with the analysis of anatomical and physiological parameters,
in fact, is becoming a key element in developing highly targeted and scientifically
valid training approaches, with a significant impact on both the improvement of
performance and the well-being of athletes (Arabameri, 2024).
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In the context of pedagogical research, the introduction of Al in sports is not
limited to a technical or technological aspect. It has, in fact, considerable educational
and training implications. The ability of Al to analyze and adapt training programs in
real time allows to develop an educational approach centered on the individuality of
the athlete, taking into account his physical, psychological and motor characteristics
(Harris et al., 2022). A particularly relevant aspect is the possibility of combining data
from monitoring devices, such as motion sensors, heart rate bracelets, and other
technological tools, with in-depth knowledge of the anatomical and physiological
parameters of the human body. This process offers a unique opportunity to
customize training programs and ensure an appropriate balance between workload,
recovery, and performance enhancement (Ramkumar et al., 2022).

The analysis of anatomical and physiological parameters, such as body
composition, muscle strength, aerobic and anaerobic capacity, joint mobility and
post-exercise recovery, is a fundamental pillar in athletic preparation. Traditionally,
this data was collected through direct physical testing and empirical observations, but
Al has revolutionized this approach. Today, in fact, it is possible to use advanced
algorithms to process huge amounts of data from different sources, creating
predictive models capable of anticipating the individual needs of athletes. This
process not only allows detailed information on the various anatomical and
physiological parameters, but also to constantly monitor their evolution over time,
adapting training according to progressive or sudden changes in the athlete's physical
condition (Farina, 2021).

From a pedagogical point of view, the adoption of Al-based technologies in
sports requires a rethinking of teaching and training methodologies. In an
educational context, the use of Al can enhance the learning process, allowing sports
coaches to customize the training plan in a dynamic and flexible way, supporting
athletes not only in their performance goals, but also in their personal growth.
Training in this new scenario is no longer limited to transmitting generic information,
but becomes an interactive and adaptive process, where pedagogical techniques are
enriched with the possibility of collecting real-time feedback on physical,
psycho-motor and cognitive performance (Wexler & Oberlander, 2023).

In addition, the use of Al in combination with anatomical-physiological
parameters can help develop greater body awareness in athletes. Continuous
feedback about their performance, along with awareness of their body's physical and
physiological limitations, can boost motivation and self-efficacy. This educational
approach contributes not only to improving athletic performance, but also to
fostering an attitude of greater responsibility and care for one's health and well-being
(Patsantaras, 2020).

Finally, the integration of artificial intelligence in the monitoring of anatomical
and physiological parameters also offers new opportunities in the management of
injury-related issues. The analysis of biometric data and the continuous monitoring
of the athlete's physical condition make it possible to identify early signs of overload
or fatigue, allowing timely interventions to prevent muscle or joint damage. This
predictive approach not only has the potential to improve injury prevention, but also
to optimize the return to sports activity after a period of stoppage, promoting a safer
and more controlled recovery (Alimuddin et al., 2024).

In summary, artificial intelligence, integrated with the analysis of
anatomical-physiological parameters, offers a vast field of opportunities for the
optimization of training and athletic performance, without neglecting the pedagogical
implications related to the learning and individual growth of athletes. The
personalized, data-driven approach represents a turning point in the sports science
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landscape, bringing with it significant benefits for athletes, coaches and technicians,
but also for the overall improvement of well-being and health.

2. Role of Artificial Intelligence in training adaptation: Continuous

personalization and optimization

Artificial intelligence is rapidly transforming the world of sports training,
enabling a highly personalized and adaptive approach that adapts in real time to the
individual needs of athletes. Thanks to real-time data analysis and the use of
predictive algorithms, Al is able to constantly monitor the athlete's performance,
physiological and psychological parameters, dynamically changing the intensity, type
and duration of exercises based on physical responses and signs of fatigue. This type
of approach allows not only to improve athletic performance, but also to optimize
recovery, reduce the risk of injury and make the overall training program more
effective and safe (North et al., 2024).

One of the main applications of Al in sports training is the dynamic adaptation
of exercise intensity, in response to the athlete's performance and physiological
condition. Thanks to the data collected by biometric sensors (such as wearable ones,
which monitor heart rate, breathing, heart rate variability, etc.) and motion detection
devices (such as accelerometers and gyroscopes), Al is able to continuously analyze
the athlete's physical response during each session (Ma, 2024; Ali et al., 2023; Paloma
& Tafuri, 2016).

For example, if an athlete is performing resistance exercise, the Al can monitor
their heart rate and fatigue level in real time. If physiological parameters indicate
overload or signs of excessive fatigue, Al can reduce the intensity of the exercise,
change the duration, or suggest a longer recovery interval. Conversely, if the athlete
is showing signs of high performance, such as an optimal heart rate and a positive
response to the workload, Al can gradually increase the intensity or propose more
challenging variants to stimulate continuous improvement (Kewalramani et al.,
2023).

This customization makes it possible to avoid the risk of overtraining, which can
lead to injuries, and at the same time ensures that the athlete is always stimulated to
the maximum of his abilities without ever exceeding his physiological limit.

Another key aspect of the use of Al in training adaptation is its ability to predict
the athlete's physiological response to certain exercises or programs. Machine
learning algorithms, in fact, can analyze huge amounts of historical data (such as past
performance, physiological ~parameters recorded during previous workouts,
recoveries, and injuries) to identify patterns and trends that may not be 1rnmed1ately
apparent (Southgate etal.,, 2010).

For example, Al can recognize that an athlete, after a period of intense training,
tends to experience a slowdown in performance due to a lack of recovery. Therefore,
before a possible decrease in performance occurs, the Al could suggest a change in
rest days or a change in the type of exercises, anticipating the need for a recovery
phase to prevent the onset of injuries or chronic fatigue.

Predictive algorithms can also suggest changes in the training program based on
early indicators of fatigue or physical stress, optimizing the workload to maximize
results in the long run. This allows for more precise planning of training sessions,
based on predictions that go beyond simply monitoring the athlete's immediate
response (Ruocco et al., 2020).

Another important benefit of introducing Al into training is the ability to
provide continuous feedback in real-time, which allows adjustments to be made
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during the same session. Al can use data from a variety of sensors to constantly
monitor the athlete's physical and biomechanical parameters, such as movement
speed, power generated, execution technique, and balance. If, for example, an
athlete is performing a weightlifting exercise, the Al can monitor their form and
technique, and instantly alert them if their posture is incorrect, preventing the risk of
injury due to incorrect movements. In the case of dynamic exercises, such as sprints
ot jumps, Al can analyze your running or jumping technique and suggest corrections
in real time, optimizing the efficiency of movement and reducing stress on the joints
(Ortega & Olmedo, 2017).

Immediate feedback, provided in the form of visual or auditory alerts via
wearable devices or interactive displays, allows the athlete to instantly correct
technique or performance, ensuring that each exercise is performed with maximum
effectiveness and safety.

Artificial intelligence not only monitors physiological parameters, but can also
analyze data related to the athlete's recovery and psychological well-being, a
fundamental component for optimizing training. Through biofeedback devices and
other wearable technologies, Al can detect indicators related to stress and mental
fatigue, such as sleep quality, heart rate variability, or galvanic skin responses (Roggio
et al.,, 2021; Jauhiainen et al., 2021).

Based on this data, the Al can suggest the most suitable type of recovery, which
could include relaxation techniques, breathing exercises, or stretching sessions. In
addition, thanks to psychological analysis, Al can also suggest changes in training
programs to avoid situations of mental stress and burnout, which could compromise
the athlete's motivation.

Another key application of Al is the ability to customize active recovery phases,
suggesting low-intensity exercises to speed up muscle recovery without
compromising previously acquired gains. For example, the algorithm could detect
that an athlete is recovering too slowly from an intense session and, as a result,
suggest an optimized recovery regimen that stimulates muscle and cardiovascular
recovery efficiently (Wang, 2021).

Al also plays a central role in managing the athlete's long-term evolution.
Through the continuous analysis of the data collected throughout the training cycle,
the Al is able to suggest gradual progressions of the program, ensuring continuous
improvement. The algorithms can monitor the evolution of athletic performance
over time, detecting small variations that may be missed by the human eye, such as
an increase in sprint power or a slight reduction in reaction time. Thanks to machine
learning, Al can constantly improve its ability to adapt and predict, creating
increasingly precise and targeted training programs, able to respond optimally to the
evolution of physical conditions and the needs of the athlete (Fang & Sun, 2021;
Coppola et al., 2024; Blandeau et al., 2023; Lee, 2023).

In light of the above, it is clear that artificial intelligence offers enormous
potential in adapting and optimizing training, customizing each phase of the process
according to individual needs. Thanks to its ability to analyze a vast amount of
physiological, psychological and biomechanical data in real time, Al can dynamically
adjust the workload, predict physiological responses, provide immediate feedback
and suggest recovery strategies, ensuring safer, more effective and targeted training.
This approach not only improves athletic performance, but also protects the athlete's
health, preventing injuries and promoting optimal recovery.
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3. The use of the D-Wall in sports training and rehabilitation: An interactive
and dynamic approach

The D-Wall (Dynamic Wall) is an innovative technology that is gaining
increasing attention in the field of sports training and rehabilitation. It is an
interactive wall, designed to stimulate and monitor the athlete's movements in real
time, using a series of sensors and digital screens that provide visual, sound and
tactile feedback (MacDonald et al., 2024). These systems offer a dynamic experience,
in which the athlete is called upon to react to visual cues and make specific
movements within an area delimited by the wall. The integration of this technology
with artificial intelligence (AI) has made the D-Wall a powerful training
personalization and optimization tool, creating opportunities for improved athletic
performance and accelerated and safe rehabilitation (Putze et al., 2007).

In the context of sports training, the D-Wall stands out for its ability to offer a
highly interactive and adaptive environment. Thanks to motion detection technology,
the system is able to track and analyze the athlete's position and movement during
exercises with great precision. For example, in the case of training to improve
reaction speed or agility, the D-Wall can project visual cues (such as colored lights or
geometric shapes) onto a wall, telling the athlete where and when to move to achieve
a specific goal. These signals are generated in real-time, based on the speed and
accuracy of the athlete's movement, creating an engaging and highly motivating
experience (Gong & Mehtl, 2014).

Artificial intelligence plays a crucial role in this process. Using predictive
algorithms and real-time data analysis, Al can monitor the athlete's progress and
automatically adjust the intensity of exercise based on the level of performance,
fatigue and recovery. For example, if an athlete is performing agility exercises and
shows signs of fatigue or reduced speed, the Al can adapt the difficulty, reducing the
speed of the visual cues or changing the type of exercises, to avoid the risk of
overload and promote recovery. Conversely, if the athlete is showing good progress,
Al can increase the difficulty, prompting the athlete to improve further ( Frey et al.,
1999).

The personalized approach of the D-Wall is particularly advantageous as it
allows training to be adapted to the individual needs of each athlete, regardless of
their level of preparation or physical characteristics. This individualization of training
programs helps to avoid monotony and keep the athlete's motivation high, thanks to
a constant adaptation of the proposed challenge.

The D-Wall also finds a wide application in the field of sports rehabilitation.
Using interactive technology in the post-injury phase is particularly useful for
monitoring and optimizing movements during recovery. During rehabilitation, the
main goal is to recover functional movement safely and progressively, avoiding the
risk of further injury. The D-Wall, in this context, acts as a visual and motor guide,
stimulating the athlete to move in a controlled and precise way, following the
indications of the interactive wall (Preonas & Prater, 1970).

In the rehabilitation phase, the Al integrated with the D-Wall can continuously
analyze the athlete's movement, detecting incorrect movement patterns or
compensatory movements that could indicate a risk of injury. If the system detects
that a movement is performed incorrectly, the Al can suggest changes to the
movement, propose alternative exercises, or adjust the intensity of the exercise to
protect the area being recovered. For example, if an athlete recovering from a knee
injury performs an excessive spinning motion, Al can detect the alteration in
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movement and suggest an exercise that reduces stress on the knee, promoting a safe
and uncomplicated recovery (Chen & Pan, 2022).

Another crucial aspect in rehabilitation is the psychological aspect. The use of
the D-Wall during recovery not only stimulates the athlete to respect physical
limitations, but also increases motivation thanks to immediate and visible feedback
on the progress made. The technology, in fact, can visualize the "improvement" of
the movement in real time, showing the athlete how close he is to full recovery and
allowing him to visualize his improvements. This approach increases body awareness
and helps to strengthen the athlete's confidence in their recovery journey.

In addition to playing a vital role in training and rehabilitation, the D-Wall,
combined with Al, is also a powerful tool in injury prevention. Continuous
monitoring of movements, detection of postural alterations and the ability to record
the athlete's biomechanics in real time allows you to identify signs of overload or
risky movements. Al algorithms can detect small abnormalities in movement, which
may be imperceptible to the human eye, but which are indicators of potential future
injuries, such as an alteration in posture or an unbalanced load on a body part (Kreis
etal., 2001).

Al predictive analytics, which is based on observing trends in historical
movement data, can predict the risk of injury with great accuracy. For example, if an
athlete frequently performs movements at an incorrect joint angle or repeatedly
stresses a certain joint, Al can suggest changes in movements and training programs
to reduce the risk of overload injuries (Trout, 2013; Solntsev, 2021; Anderson et al.,
2013; Chen, 2022; Hilsmann et al., 2019).

In this context, the integration of the D-Wall into sports training and
rehabilitation represents a perfect fusion of technology and physiology. Using
real-time feedback and the personalization offered by artificial intelligence, the
D-Wall allows you to optimize training, improve post-injury rehabilitation and
prevent injuries in a highly effective way. The ability to dynamically adapt to the
athlete's needs and continuously monitor their physical condition makes the D-Wall
an essential tool for any modern sports program, improving athletic performance
and promoting faster, safer, and more conscious recovery (Cossich et al., 2023;
Venek et al., 2022; Habibi et al., 2024).

4. Case Study: Using the D-Wall in Improving the Athletic Performance of a
Young Volleyball Player

Context and Objectives
M., a young 16-year-old volleyball player, plays competitively in a regional
youth team. Although he already has a good level of athletic preparation, his coach
has identified some areas for improvement, including:
1. Speed of reaction and response times to rapid changes during matches;
2. Agility in lateral movement and rapid changes of direction, essential in
volleyball to move quickly on the net;
3. Coordination in complex movements, such as jumping and managing
movements in the air during the game.
The coach therefore decided to integrate the use of the D-Wall into the training
program to monitor and improve these specific skills, leveraging advanced
technology to make the training process more focused and personalized.

Step 1: Introduction to the D-Wall and initial analysis
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M. began his training program using the D-Wall, an interactive wall that projects
visual cues on which the young athlete must react in real time. The training was
structured in various exercises, 1nclud1ng

e Rapid reaction exercises: light signals were projected onto different areas
of the wall, to which M. had to react by moving quickly to the indicated
position. These exercises aimed to improve his reaction times, which are
crucial for anticipating the game during matches.

e Lateral agility exercises: using lights that alternately lit on one side or the
other of the D-Wall, M. had to perform rapid changes of direction. This
type of exercise is designed to improve his agility, a fundamental skill for
volleyball, espec1ally durlng lateral movements on the net.

e Coordination and jumping exercises: signals that appeared at different
helghts stimulated M. to jump and touch the wall with his hands,
improving coordination and the ability to manage movement in the air,
similar to that which occurs when jumping for an attack or a wall.

Step 2: Monitoring and adaptation using Al

During the workouts, the D-Wall recorded and analyzed M.'s movements in real
time, using advanced motion sensors. The Al provided immediate feedback,
suggesting changes to optimize performance. The data collected made it possible to
detect aspects such as:

e Reaction times: The Al analyzed how quickly M. reacted to light signals
and compared these times with average times for athletes in his age group.
When reaction times were longer than expected, the Al suggested
increasing the intensity of the exercises or changing the sequence to
stimulate a faster response.

e Movement technique: The AI monitored the quality of M.'s lateral
movements, detecting any misalignments in posture or movements that
could lead to excessive joint stress. If the technique was found to be
wrong, the Al suggested changes to improve the accuracy and efficiency
of the movements.

e Jumping skills and coordination: During the jumping exercises, the Al
examined the height and power of Marco's jump, providing data on the
symmetry and fluidity of the movements. If M. showed signs of fatigue or
reduced movement efficiency, the Al adjusted the intensity of the
exercises to avoid the risk of injury.

Step 3: Personalization of training and adaptation in real time

Over the next few weeks, M.'s training was continuously adapted based on the
data collected by the D-Wall. The artificial intelligence monitored the athlete's
progress, changing the intensity and difficulty of the exercises in real time. As M.
improved his reaction speed and movement technique, the D-Wall increased the
speed of the light signals and introduced more complex exercises, such as
combinations of lateral movements and simultaneous jumps, to further stimulate his
agility and coordination.

Conversely, in periods when M. showed signs of fatigue (e.g., a slowdown in
reaction time or a reduction in the quality of movement), Al temporarily reduced the
intensity of training, allowing for more adequate recovery. This approach allowed M.
to train efficiently, avoiding overload and progressively improving his performance
without risk.
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Step 4: Results and improvements
After an 8-week period of training with the D-Wall, M. showed significant
improvements in the monitored areas. Especially:

e Reaction time: M. reduced his reaction time by 25%, from an average of
0.45 seconds to 0.34 seconds, an improvement that translated into greater
responsiveness in actions during matches.

e Agility and lateral movements: M. has improved the speed of his changes
of direction, reducing the time to move from one lateral position to
another by 20%. This improvement allowed him to better cover the court
during matches and move more fluidly around the net.

e Coordination and jumping power: The power of his jump has increased
by 15%, with an increased ability to maintain balance and coordination
during movements in the air, which is fundamental for attacks and blocks
in volleyball.

Step 5: Conclusions and Pedagogical Implications

M.'s case highlights how the use of the D-Wall, supported by artificial
intelligence, can provide highly personalized and dynamic training, which responds
to the specific needs of the athlete. Thanks to the ability to monitor and adapt the
exercises in real time, the Al has allowed M. to significantly improve his performance
in a safe and progressive way.

From a pedagogical point of view, training with the D-Wall also favored the
development of greater body awareness in M. Continuous feedback and the ability to
visualize his progress allowed him to learn in a more effective and motivating way,
increasing his self-esteem and commitment. In addition, the adaptive approach has
contributed to learning that respects its rhythms, avoiding the risk of overload and
promoting optimal recovery.

The integration of technology such as the D-Wall, combined with the predictive
ability of artificial intelligence, has created an innovative training environment, which
has not only improved athletic performance, but also supported M.'s psychological
and motivational development as an athlete.

This case study illustrates how the use of advanced technologies such as the
D-Wall can be a valuable ally in improving the athletic performance of a young
volleyball player, offering a personalized training program, monitored and optimized
continuously.

5. Conclusions

Artificial intelligence (Al) is emerging as a critical tool in optimizing sports
training, offering highly personalized and adaptive solutions that can significantly
improve athletes' performance. The adoption of technologies such as the D-Wall,
integrated with Al algorithms, makes it possible to monitor a wide range of
physiological, psychological and biomechanical parameters in real time, optimizing
training dynamically and precisely. This approach not only improves athletic
performance, but also reduces the risk of injury, thanks to Al's ability to
continuously analyze and predict the athlete's physiological responses.

The case study presented clearly demonstrates the effectiveness of using the
D-Wall in adapting training. Thanks to real-time personalization and a proactive
approach to managing recovery and exercise intensity, the athlete has achieved
significant improvements in their athletic abilities, including increased reaction speed,
improved agility in lateral movements, and increased jumping power. These results
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were possible thanks to the ability of Al to continuously analyze data, predict the
needs of the athlete and adapt exercises accordingly.

From a pedagogical point of view, the use of Al in training also offers important
advantages in terms of motivation and learning. Immediate feedback and progress
visualization stimulate the athlete to further engage, while the ability to tailor training
to their individual needs promotes steady, safe and balanced growth.

In the future, the ever-deeper integration of Al into sports training is likely to
have an even greater impact, with the evolution of smart devices that will be able to
collect and analyze even more data, allowing coaches and athletes to make even more
informed decisions. The potential offered by technology is immense and, if managed
correctly, can revolutionize the way athletes train, ensuring optimal performance and
injury prevention.

In summary, Al represents a valuable resource in sports training, with the
D-Wall emerging as a concrete example of how technology can improve the
effectiveness and personalization of training programs, opening up new possibilities
for improving athletic performance and the overall well-being of athletes.
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